
1192023, volume 26, issue 4, pp.119–133, DOI: 10.15240/tul/001/2023-4-008

Finance

Investigating self-efficacy and behavioural 
bias on investment decisions
Kuppusamy Srinivasan1, Parthasarathy Karthikeyan2

1 Anna University, School of Management, Sri Krishna College of Technology, India, ORCID: 0000-0003-0097-334X, 
srinivasanmgt@gmail.com;

2 Anna University, School of Management Studies, Kongu Engineering College, India, ORCID: 0000-0002-9902-1869, 
ptp_karthi@yahoo.co.in.

Abstract: The determinants of irrational decisions on the stock market are found in numerous 
empirical studies. However, self-efficacy and behavioural biases have a sturdy influence on stock 
market investment decisions. Behavioural biases are formed with heuristics, prospect theory and 
herding effect concerning stock market investments. Self-efficacy is independent of behavioural 
biases but is closely connected with controlling behavioural intentions in decision-making. 
The research was conducted to find the influence of self-efficacy and behavioural biases in 
the decision of stock market investment. The study was conducted with 250 individual investors 
and applied the SEM technique. Findings indicated that heuristics had a positive relationship 
with behavioural biases, but behavioural biases reported a negative relationship with the herding 
effect and prospect theory. Heuristics were mostly developed on the intrinsic strength of individual 
investors; therefore, investors believe heuristics will be a better decision-making tool than prospect 
theory or the herding effect. Prospect theory is shaped and influenced by regret aversion, loss 
aversion, self-control and mental accounting. Financial literacy, risk tolerance, and peer support 
profoundly develop the self-efficacy of investors to make profitable investment decisions. 
Self-efficacy is formed by risk tolerance, financial literacy and peer support in the stock market 
investment decision and identified the evidence of individual investors not making rational decisions 
and facing one or more behavioural biases and self-efficacy factors. The study finds the combined 
effect of behavioural biases and self-efficacy in stock market investment decisions, which have 
significant implications among individual investors, particularly in emerging markets.
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Introduction
The consequent influence and control of psy-
chology on the investor and their investment 
decisions is explained by behavioural finance. 
Behavioural finance is the recent impending 
domain in finance that has received a huge 
impact in the past two decades in India. The fu-
sion of cognitive psychological theory with 
traditional economics explains the possibilities 

of investment decisions and their irrationality. 
Unlike traditional finance, the behavioural ap-
proach presumes that there are boundaries 
to take and that not all investors are rational 
(Waweru et al., 2008); the rude assumption of 
the traditional approach on investors for their 
rational and constant mentality to capitalize 
on well-being by enhancing wealth. Also, extra-
neous factors and individuals’ emotions do not 



120 2023, volume 26, issue 4, pp.119–133, DOI: 10.15240/tul/001/2023-4-008

Finance

influence investors when making investment 
decisions. Sometimes, investors may act irratio-
nally and make ineffective investment decisions 
(Chin, 2012). Instead of following laborious 
and lengthy estimations, investors follow gen-
eral rules, resulting in friction and sub-optimal 
choices. The traditional approach postulates 
that irrational market players are removed from 
the market through arbitration, which can also 
be dared on many fronts (Onsomu, 2014).

Investors are not frequently composed and 
do not consider technical and fundamental 
examinations in investment decisions. Factual 
investment decisions are based on informa-
tion accumulation, emotions and intelligence 
(Alquraan et al., 2016). Proponents of the be-
havioural approach argue that investors often 
behave irrationally when making investment 
decisions, exemplified by buying shares when 
prices rise and selling them when prices fall 
(Nareswari et al., 2021). Recent behavioural fi-
nance literature identifies how an emotion of in-
dividual investors and cognitive errors affect 
overall investment behaviour. Further studies 
assess the role of illusions caused by heuristics 
and nested illusions in prospects or mental 
frames to guide investment behaviour (Barberis 
& Huang, 2001; Caparrelli et al., 2004).

Behavioural biases like heuristics, pros-
pects and herding influence investment deci-
sion momentum and affect the investment 
performance of assets (Bondt & Thaler, 1995). 
Behavioural biases are either intrinsic in inves-
tors’ psychological or cognitive dimensions or 
due to emotional decisions and errors prevailing 
with understanding the investment environment. 
These biases may arise from investors’ psycho-
logical or cognitive dimensions or as a result 
of emotional decisions or errors in understand-
ing the investment environment (Chen, 2020). 
The heuristics phenomenon advocates the role 
of availability bias, anchoring, and represen-
tativeness in regulating investor perception 
about investments. Later, overconfidence and 
gamblers’ fallacy were expanded to include 
heuristics. The prospect dimension concentrates 
on mental accounting, loss aversion, self-control 
and regret aversion. Herding phenomena, such 
as emotional distortions, social contagion, and 
information trustworthiness, lead to behavioural 
influence on investment decision-making. Fur-
ther, self-efficacy aspects like risk tolerance, 
peer support and financial literacy directly affect 
investors’ decisions.

Self-efficacy
Self-efficacy is closely linked with regulating mo-
tivation, idea processes, sentimental states and 
actions, or it may entail varying environmental 
state of affairs, depending on what investors seek 
to deal with. Self-efficacy plays a significant role 
in investment decisions (Mindra & Moya, 2017). 
Self-efficacy in investment decision-making con-
tributes to a predicament due to the existing eco-
nomic and social differences among investors. 
It can be related to risk tolerance, financial literacy 
and peer support in investment decisions. It can 
be associated with how investors handle invest-
ment decisions in terms of risk tolerance, finan-
cial literacy, and peer support (Tang et al., 2019). 
Behavioural biases, such as heuristics, prospect 
theory, and the herding effect, along with the con-
ceptualization of investor-specific self-efficacy, 
determine the stimulus for indulgence in stock 
market investments (Farrell et al., 2016).

Behavioural biases
The level of sophistication is better for institu-
tional investors compared to individual investors, 
predominantly caused by time limit, familiar-
ity, interest, knowledge and skills in investment. 
As a result, individual investors follow the rule 
of thumb, i.e., simple heuristics in investment 
decisions that would turn unsuitable in a lively 
market situation (Lo, 2005). The practice 
of decision-making by investors during risk 
is discussed by prospect theory. Investment 
decisions are mostly determined by gains 
and losses (Cheng & Chiou, 2008). Herding 
is the investors’ propensity to discard beliefs 
and information to deduce other decision ver-
dicts. The herding effect has different effects in 
the form of market failures, bubbles and aug-
mented volatility (Shantha, 2018). Such heuris-
tics, prospect theory and herding effect denote 
investors’ irrationality, which is commonly called 
behavioural biases (Kumar & Goyal, 2015). 
However, such behavioural biases could give 
rise to share price deviation from its fundamen-
tal worth, which results in market inefficiency.

Investment decisions
Investors’ intentions are reflected in the es-
timation of gains that are ascertained using 
self-efficacy and behavioural biases in stock 
investment (Prawirasasra, 2016). Behavioural 
finance assists the investor in eliminating iden-
tical investment errors and making unique deci-
sions (Hoffmann et al., 2015).
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The present study aims to examine the as-
sociation between self-efficacy and behavioural 
bias in stock market investment decisions using 
structural equation modelling. Stock market 
investment decisions are influenced by a com-
bination of individual cognitive biases and 
psychological factors, and understanding these 
factors is crucial for investors and financial pro-
fessionals. Through the utilization of SEM, this 
research provides a comprehensive and quan-
titative analysis of the associations between 
behavioural biases, self-efficacy, and decisions 
on investment. Integrating behavioural biases 
and self-efficacy makes the research novel and 
contributes to the knowledge of behavioural fi-
nance. It provides valuable insights that can aid 
investors, financial experts, and policymakers 
in making informed decisions to optimize invest-
ment outcomes and mitigate potential biases.

1. Theoretical background  
and hypothesis development

The development of behavioural bias, self-
efficacy and investment decisions has been 
implemented through numerous previous stud-
ies in multiple ways. The construct behavioural 
biases include the aspects of the heuristics, 
prospects and herding effect elements. Beha-
vioural finance dimensions exist along with 
self-efficacy concerning stock investment deci-
sions among individual investors.

1.1 Behavioural biases
Heuristics
Heuristics is often called the rule of thumb; it 
reduces the impediment of probability evalua-
tion during difficult times and helps to predict 
(Tversky & Kahneman, 1974). Heuristics can 
be discussed under five heads: overconfidence, 
representativeness, gamblers fallacy anchor-
ing, and availability bias.

Overconfidence. Overvaluing the reliability 
of skill and knowledge that investors possess 
and underestimating risk in an investment 
indicates overconfidence. Overconfidence en-
courages investors to trade too much and take 
big risks. As a result, the depth of the market 
rises, expected trade volume inflates, and 
profit decreases.

Representativeness. Representativeness 
heuristic denotes the extent to which a sample 
resembles another sample in its indispensable 
characteristics. It is based on stereotypes. 
Representativeness can lead to certain biases, 

such as the fact that investors place greater 
importance on experience and underestimate 
the long-term average rate (Ritter, 2003). Inves-
tors often forecast the potential value of shares 
based on representativeness. Based on this 
premise, investors will be disposed to acquire 
stocks that have recently increased.

Anchoring. It has been observed that an-
choring involves the way that individual stock 
market investors seek to assess the particular 
chances of maximizing wealth and return on in-
vestment. It is an unfair evaluation of stimulus 
derived from the preliminary judgment of alter-
native stimulus and an inadequate rectification 
far from the earlier judgment (Esch et al., 
2009).

Availability bias. Decision-making based 
on recently available information is called avail-
ability bias. In such cases, investors consider 
current information incorrectly than background 
information. It possibly impedes constructive 
investment gains, which could concurrently 
reflect poor portfolio gains (Jain et al., 2015).

Gambler fallacy. Gambler’s fallacy is 
the outcome of inaccurate prediction about per-
forming over market and movement in the mar-
ket. The confidence in one’s ability to perform 
more than the market return indicates the gam-
bler and their market trend (Singh, 2012). Hy-
pothesis framed based on those propositions.

1.2 Prospect theory
Kahneman and Tversky (1979) conceived 
prospect theory research on human behaviour, 
which is considered peculiar and paradoxi-
cal in decision-making. Managing uncertainty 
and risk in investment is explained in prospect 
theory. It distinguishes the framing and evalua-
tion phase in the process of decision-making. 
In short, it reveals that investors’ tendency to be 
irrational will be more unenthusiastic to risk 
profit than loss. Under loss situations, investors 
will tend to be more disposed to tolerate the risk 
than in successful circumstances.

Loss aversion
Investors tend to experience a greater psy-
chological impact during a loss compared 
to an equivalent gain. Pleasure, enthusiasm, 
and anxiety are felt by the investor more dur-
ing profit and loss made by them (Aini & Lutfi, 
2019). Furthermore, individual investors who 
hold negative investments tend to reduce risk 
(Livanas, 2011).
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Regret aversion
Regret aversion is a bias felt by investors who 
realize that mistakes have been made in the judg-
ment process. Investors regret certain steps 
in making investment decisions in non-attainment 
of expected returns. Investors feel pain in the ab-
sence of returns if investments perform badly 
and feel guilty for their bad decisions (Zeelen-
berg & Pieters, 2007).

Mental accounting
Grouping particular event information as com-
partments reflects the bias of mental accounting. 
It consists of two scenarios: investing money and 
receiving excess returns is one scenario, and in ve-
sting money and receiving normal returns is anoth-
er. The investor then normally evaluates scenarios 
in which the response will be uncertain to arrange 
normal returns investments. Thus, excess returns 
inspire investors, owing to the evaluation informa-
tion in a compartment, to stay till more returns are 
realized (Jagongo & Mutswenje, 2014).

Self-control
Self-control indicates that investors in the stock 
market are subjects to temptation concerning 
price movements. Reducing such temptation is 
called self-control (Pompian, 2016).

Herding effect
Herding is recognized as a tendency in investor 
behaviour to use the actions of other investors 
(Setiawan et al., 2018). Herding behaviour was 
found in both bearish and bullish phases; high 
market volatility and more trading volume are 
the consequence of the herding effect (Kanojia, 
et al., 2022; Ouarda et al., 2012). Herding be-
haviour was not an effective aspect in determin-
ing asset returns (Douagi et al., 2013). Herding 
happens when an investor’s decision fails to rep-
resent sufficient information (Botsvadze, 2013).

Emotional distortions
Emotional distortions are the outcome of irrita-
tion, regret, worry, enthusiasm, hope, panic, 
fault and mood of investors, which are reflected 
in price movements and behavioural bias 
(Mand et al., 2018). Emotional distortions posit 
that without emotions, sensible decisions are 
unattainable (Kourtidis et al., 2010).

Social contagion
Social contagion scrutinizes the social events 
and situations that create possible crowd 

behaviour (Aslam et al., 2021). If an investor is 
contaminated with infectious thoughts, behav-
iour becomes irrational, and the investor make 
wrong decision (Hwang & Salmon, 2004). Social 
contagion had extensive control over the volatil-
ity in the stock market (Kumar, 2009). Significant 
price fluctuations happen due to the contagion 
of irrational errors (Cipriani & Guarino, 2008).

Information trustworthy
Investors may ignore their information irrespec-
tive of trustworthiness and blindly follow herding 
behaviour, even though the herd might be wrong 
(Bekiros et al., 2017). In such circumstances, 
the group decision goes wrong consequently, and 
the attempt to attain personal satisfaction is based 
on whole herd mistake, not personal mistake (Bikh-
chandani & Sharma, 2000; Rahayu et al., 2020). 

1.3 Self-efficacy
Self-efficacy is the strength of investors’ faith 
in their competence to complete tasks and attain 
objectives. Self-efficacy beliefs influence how 
investors perceive, motivate, and behave (Lown, 
2011). Self-efficacy is a situational rather than 
a constant attribute (Fisher, 2011).

Risk tolerance
Risk tolerance makes a consistent framework 
for building effective investment decisions 
and ensuring risk and return trade-offs based 
on the risk perception of investors (Baghani 
& Sedaghat, 2016). Risk tolerance may be high 
or low, and it is based on investor personality 
traits, demographic phenomena, and the na-
ture of financial instruments (Grable, 2000). 
Risk tolerance may influence the self-efficacy 
levels of investors in the stock market (Gilliam 
et al., 2010). Quantum of risk can be tolerated 
by the investors classified into conservative, 
moderate, and aggressive (Mak & Ip, 2017).

Financial literacy
Financial literacy plays a supporting role by al-
lowing investors to take charge of financial as-
pirations (Rothwell et al., 2016). Investors have 
been observed to increase their understanding 
of risk to access gain (Xia et al., 2014). The finan-
cial literacy of investors shapes their aspirations, 
intentions and inclinations (Raza et al., 2015).

Peer support
Peer support has tremendous influence in de-
termining the decisions on individual investors’ 
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investments. Participation in the stock market 
links with behavioural control and self-efficacy 
in terms of investments across the peer network 
(Busztyn et al., 2014). Based on the investigations, 
the study proposed the following hypotheses:

H1: Representativeness, overconfidence, an-
choring, gamblers fallacy, and availability bias 
together constitute heuristics on stock market 
investments.

H2: Loss aversion, regret aversion, mental 
accounting and self-control together constitute 
prospect theory on stock market investments.

H3: Emotional distortions, social contagion 
and information trustworthy together constitute 
a herding effect on stock market investments.

H4: Risk tolerance, financial literacy and 
peer support together constitute self-efficacy 
in stock market investments.

H5: Heuristics, prospect theory and herding 
effect have a significant impact on behavioural 
biases.

H6: Heuristics on stock market investment 
have a significant impact on prospect theory. 

H7: Behavioural biases and self-efficacy have 
a significant impact on investment decisions.

2. Research methodology
The research aimed to determine how behav-
ioural biases and self-efficacy affect individual 
investors’ stock investment decisions. The unit 
of analysis consisted of 390 individual investors 
randomly selected in different parts of Tamil 
Nadu state in South India. Accordingly, question-
naires were circulated, but only 250 responses 
were usable. Investors possessing at least two 
years of experience in stock trading and from 
diverse demographic and social-economic 
status were considered. The questionnaire had 
been formulated with 5-point Likert scale with 
a score of 5 for strongly agree and 1 for strongly 

disagree. Further, to increase content valid-
ity, it was pre-tested with investment advisors, 
academicians, and experts in the capital mar-
ket. The study used simple random sampling 
and employed descriptive research design 
to formulate the research.

The research employed a structural equa-
tion model (SEM) to concurrently estimate and 
investigate in what way investment decisions 
were related to self-efficacy and behavioural 
biases. Multiple-factor confirmatory factor ana-
lysis (CFA) and path analysis SEM drawn 
by AMOS 22.0 software were employed. Data 
analysis was carried out in two stages. At first, 
overall measurement quality was assessed 
by using CFA, and it also measured the valid-
ity and reliability of the instrument. Thereafter, 
structural equation modelling finds whether 
the model would fit the results of the proposed 
theoretical models. The model fit was measured 
using comparative fit index (CFI), Tucker-Lewis 
index (TLI), normed-fit index (NFI), parsimony 
comparative fit index (PCFI), parsimonious 
normed fit index (PNFI), relative fit index (RFI), 
incremental fit index (IFI), root mean square 
error of approximation (RMSEA) and CMIN/DF. 
In addition, the independent relationship among 
the different variables was also measured.

3. Results and discussion
Contrary to the traditional finance approach, 
the modern approach advocates investment 
decisions are not rational and inconsistent. 
Investment decisions are subject to three be-
havioural biases – heuristics, prospect theory 
and herding effect. Behavioural biases and 
self-efficacy dimensions have a stringent im-
pact on the decision of investment.

Heuristics, prospect theory, herding effect 
and self-efficacy of investors are key factors 

Substances 1 2 3 4
Heuristics 1

Prospect theory 0.895* 1

Herding effect 0.878* 0.933* 1

Self-efficacy 0.746* 0.868* 0.873* 1

Note: *Significant at 0.01 level.
Source: own

Tab. 1: Correlation analysis
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of investment behaviour. Behavioural biases are 
fundamentally involving the conscious intellec-
tual activity of investors to involve or not involve 
behavioural inclination. Decisions of investment 
are formed by the presence of behavioural biases 
and self-efficacy. Thus, actual investment deci-
sions are consequential action, and it is intended 
to test the proposed hypotheses. To measure 
the model to fit, CFA is performed. Cronbach 
alpha estimated ranging from 0.81 to 0.91 for all 
factors. Correlation among the main variables, 
ranging from 0.746 to 0.933, indicates no multi-
collinearity and its result is presented in Tab. 1.

3.1 Measurement model
The exogenous construct’s impact on 
the decision of investment is determined 
through SEM because it establishes a path 
for concurrent inspection of the whole model 
that covers several hypothetical relation-
ships. The hypothesized latent constructs, 
such as heuristics, prospect theory, herd-
ing effect and self-efficacy, are formed from 
15 observed variables. Four latent variables 
are developed to measure the validity and 
reliability of the latent variable measurement 
model (Fig. 1).

Fig. 1: Measurement model

Source: own
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Tab. 2 explains the construct validity strong-
ly supported by the loading of factor mea  su res 
0.749 to 0.93 on the latent construct. Heuristics, 
prospect theory, herding effect and self-efficacy 
are above the standard level of 0.50. High in-
ternal reliability of latent construct is exhibited 
as composite reliability co-efficient are more 
than 0.6.

Authorization of the measurement model 
in first-order is depicted in Tab. 3. The chi-square 
score is 258.170, with p = 0.000, RMSEA = 0.066, 
and CFI = 0.911. Thus, the goodness of fit rec-
ommends a high-fitting model.

3.2 Structural equation modelling
The measurement model proposed is data-con-
sistent; the hypotheses are tested accordingly. 

The connection among constructs shown 
in Fig. 2 confirms that the hypothesis framed 
having path significant at p = 0.05 level has 
a direct and positive relationship.

Fig. 2 demonstrates all the path hypoth-
eses of the investment decisions model have 
a significant value of p < 0.05, the model fit 
of SEM measured by chi-square is tough 
as it is sensitive to the sample size. All the path 
hypotheses in the model (Fig. 2) are significant 
at a 0.05 p-value. The model fit of SEM mea-
sured by chi-square is tough as it is sensitive 
to the size of the sample. Tabs. 4–5 represent 
the goodness of fit and connection between 
different hypotheses.

Various indices were used to measure the fit 
of the model. CFI (comparative fit index; 0.911), 

Latent  
constructs Variables Factor  

loadings
Cronbach 

alpha
Composite  
reliability

Average 
variance 
extracted

Heuristics

Representativeness 0.928

0.911 0.925 0.752

Overconfidence 0.903

Anchoring 0.899

Gamblers fallacy 0.921

Availability bias 0.894

Prospect 
theory

Loss aversion 0.899

0.856 0.898 0.719
Regret aversion 0.923

Mental accounting 0.905

Self-control 0.878

Herding 
effect

Emotional distortions 0.924

0.821 0.853 0.684Social contagion 0.891

Information trustworthy 0.749

Self-efficacy
Risk tolerance financial 0.931

0.812 0.845 0.673Literacy 0.916

Peer support 0.776

Source: own

Tab. 2: CFA Results of measurement model

Chi-squared df p CMIN/df CFI RMSEA
258.170 124 0.000 2.082 0.911 0.066

Source: own

Tab. 3: CFA Results – model fit
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NFI (normed-fit index; 0.909), TLI (Tucker-Lew-
is index; 0.923), PNFI (parsimonious normed 
fit index; 0.926), PCFI (parsimony comparative 
fit index; 0.920), relative fit index (RFI; 0.915), 
and incremental fit index (IFI; 0.906) are higher 
than threshold value of 0.9. Root mean square 
error of approximation (RMSEA; 0.066) was 
at 0.08, which is at the threshold value, and it 
perfectly fits with the data.

Tab. 5 depicts that the first variable 
heuristics have a coefficient of 0.373 for rep-
resentativeness, 0.332 for overconfidence, 
0.360 for anchoring, 0.535 for gamblers fallacy 

and 0.606 for availability bias. The heuristic 
construct has a substantial and positive rela-
tionship with its antecedents. All antecedents 
aggressively contribute to forming heuristic 
biases in investment decisions. Therefore, 
hypothesis (H1) is validated. The results are 
similar to the findings of (Kim & Nofsinger, 
2008). The positive coefficients observed for 
each antecedent indicate that these factors 
contribute significantly and positively to the for-
mation of heuristics. This implies that investors’ 
tendencies to rely on gambler’s fallacy, repre-
sentativeness, overconfidence, anchoring, and 

Fig. 2: Structural equation modelling

Source: own
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Serial No. Goodness-of-fit Statistics
1 CFI (>0.90) 0.911

2 NFI (>0.90) 0.909

3 TLI (>0.90) 0.923

4 PNFI (>0.90) 0.926

5 PCFI (>0.90) 0.920

6 RFI (>0.90) 0.915

7 IFI (>0.90) 0.906

8 RMSEA (<0.08) 0.066

Source: own

Hypotheses
UC

SC t-value p
Beta Std. error

H1

Representativeness  heuristics 0.725 0.077 0.373 5.248 ***

Overconfidence  heuristics 0.705 0.081 0.332 4.362 ***

Anchoring  heuristics 0.783 0.084 0.360 4.653 ***

Gamblers fallacy  heuristics 0.978 0.086 0.535 3.824 ***

Availability bias  heuristics 1.000 0.087 0.606 5.481 ***

H2

Loss aversion  prospect theory 1.085 0.128 0.501 5.426 ***

Regret aversion  prospect theory 1.153 0.113 0.520 4.128 ***

Mental accounting  prospect theory 1.028 0.128 0.430 3.157 ***

Self-control  prospect theory 1.000 0.109 0.357 5.981 ***

H3

Emotional distortions  herding effect 2.288 1.229 0.479 4.305 ***

Social contagion  herding effect 0.862 0.324 0.076 3.793 ***

Information trustworthy  herding effect 1.000 0.866 0.168 5.878 ***

H4

Risk tolerance  self-efficacy 0.044 0.058 0.002 2.512 ***

Financial literacy  self-efficacy −0.107 0.062 0.012 4.924 ***

Peer support  self-efficacy −0.087 0.052 0.008 2.416 ***

H5

Heuristics  behavioural biases 1.006 1.426 0.841 3.365 ***

Prospect theory behavioural biases −1.211 1.840 −0.781 3.056 ***

Herding effect behavioural biases −0.203 0.269 −0.064 2.740 ***

H6 Heuristics  prospect theory 0.623 0.052 0.972 2.784 ***

H7
Behavioural biases  investment decisions 0.053 0.049 0.060 3.022 ***

Self-efficacy  investment decisions 0.051 0.064 0.050 5.902 ***

Note: ***Significant at 0.05 level; UC – unstandardized coefficient; SC – standardized coefficient.
Source: own

Tab. 4: Goodness of fit test

Tab. 5: Testing of hypothesis
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availability bias can collectively influence their 
decision-making processes.

The coefficient for prospect theory to loss 
aversion is 0.501, 0.520 for regret aversion, 
0.430 for mental accounting, and 0.357 for 
self-control. Its antecedents’ prospect theory 
construct has a considerable and positive 
relationship, and it actively contributes to form 
framing effect, therefore, hypothesis (H2) is 
validated. The findings are akin to (Kengath-
aran & Kengatharan, 2014). The framing effect 
is formed by loss aversion, regret aversion, 
mental accounting, and self-control and has 
a direct relationship with behavioural biases. 
The positive coefficients observed for each 
antecedent in the prospect theory construct sig-
nify that these factors contribute positively and 
significantly to decision-making on investment. 
It infers that the tendency of investors to be 
influenced by regret aversion, loss aversion, 
self-control, and mental accounting can collec-
tively impact their process of decision-making.

The coefficient of herding effect was 0.479 
for emotional distortions, 0.076 for social conta-
gion and 0.168 for information trustworthiness. 
The antecedents, including emotional distortions, 
social contagion, and information trustworthiness, 
are significantly related to the manifestation of 
the herding effect in stock investment decisions, 
thereby confirming the validation of hypothe-
sis (H3) similar to the results of Tan et al. (2008). 
The occurrence of the herding effect can indeed 
lead investors to follow the movements of oth-
ers in their stock investment decisions. It high-
lights the impact of psychological and social 
factors in shaping investors’ behaviour and 
in stock market decision-making. The positive 
coefficients observed for emotional distortions, 
social contagion, and information trustworthi-
ness indicate that these factors positively con-
tribute to the emergence of the herding effect.

The self-efficacy construct has a coefficient 
of 0.002 for risk tolerance, 0.012 for financial lit-
eracy and 0.008 for peer support. The findings 
indicate that financial literacy, peer support, and 
risk tolerance have a positive effect on the for-
mation of self-efficacy in investment decisions, 
thereby validating the hypothesis (H4). Further, 
the outcome suggests higher levels of financial 
literacy and support from peer groups play 
a crucial role in maximizing self-efficacy among 
investors. The positive coefficients observed for 
risk tolerance, financial literacy, and peer sup-
port signify that these variables have a positive 

effect on the development of self-efficacy in in-
vestment decision-making. It entails that inves-
tors with higher risk tolerance, better financial 
knowledge, and stronger support networks are 
more likely to exhibit increased self-efficacy.

The coefficients associated with the vari-
ables: heuristics, prospect theory, and herding 
effect concern behavioural biases. The coef-
ficients are 0.841 for heuristics, −0.781 for pros-
pect theory, and −0.064 for the herding effect. 
Indicate prospect theory, heuristics, and herding 
effect have an impact on behavioural biases, 
thereby validating the hypothesis (H5). The posi-
tive coefficient of heuristics suggests that 
heuristics influence behavioural biases among 
investors. The negative coefficient of prospect 
theory indicates that the presence of prospect 
theory, characterized by regret aversion, mental 
accounting, self-control and loss aversion, has 
a negative impact on behavioural biases. Pros-
pect theory may help investors overcome certain 
behavioural biases, as it takes into account their 
attitudes towards potential losses and gains, 
leading to more nuanced decision-making. 
The negative coefficient of the herding effect 
implies that the investors’ tendency to track 
the other’s actions in decision-making does not 
strongly contribute to behavioural biases. In-
stead, herding behaviour might have a relatively 
minor effect on investors.

Heuristics have a coefficient of 0.972, with 
prospect theory indicating heuristics substantial-
ly impacting prospect theory in investment deci-
sions, thereby validating the hypothesis (H6). 
The high coefficient of 0.972 suggests that 
heuristics strongly influence how investors ap-
proach prospect theory in their decision-making 
process. Prospect theory, which takes into 
account investors’ attitudes towards potential 
gains and losses, is heavily influenced by these 
cognitive biases and heuristics. The active 
connection between heuristics and prospect 
theory and behavioural biases further supports 
the idea that these psychological factors signifi-
cantly influence stock market investments.

Behavioural biases have a coefficient 
of 0.060, and self-efficacy has a coefficient 
of 0.050 concerning investment decisions. 
These coefficients indicate that both behav-
ioural biases and self-efficacy impact decisions 
on investment, thereby validating the hypoth-
esis (H7). The positive coefficients suggest 
both behavioural biases and self-efficacy 
influence how investors make their decisions 
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on investment. Behavioural biases, which are 
cognitive and emotional biases that can lead 
to irrational decision-making, have a measur-
able effect on investors’ choices in the stock 
market. The results emphasize the impor-
tance of investor education and awareness 
in mitigating behavioural biases and fostering 
self-efficacy among investors. Enhancing fi-
nancial literacy, encouraging rational thinking, 
and building confidence in investors’ decision-
making abilities can lead to more informed and 
objective investment choices.

Tab. 6 explains the association and 
variations between the variables in the context 
of stock investment decisions. The findings in-
dicate that both heuristics and prospect theory 
play unique roles in shaping behavioural biases 
among investors. The anchoring heuristic shows 
a significant relationship with the overconfi-
dence heuristic in creating behavioural biases. 
Overconfidence decreases the anchoring bias 
by 40%, implying that more confident inves-
tors have less influence by anchoring. More-
over, the overconfidence heuristic contradicts 
the loss aversion framing effect of investors. 
Loss aversion anticipation may decrease inves-
tors’ overconfidence by 19%, suggesting that 
when investors anticipate potential losses, their 
overconfidence tendencies may be reduced. 
Financial literacy has a 48% variation in mak-
ing investment decisions, indicating that higher 
financial knowledge investors tend to make 

realistic stock investment choices. Similarly, 
risk tolerance accounts for a 19% variation in in-
vestment decisions, suggesting risk tolerance 
levels influence their decision-making process.

Furthermore, the anchoring heuristic has 
a 20% variation in the information trustworthy 
element of the herding effect. It implies that 
investors who rely heavily on anchoring may be 
more susceptible to following information from 
trusted sources. Peer support strongly influ-
ences information trustworthiness by 37% and 
social contagion by 29%. It reveals that inves-
tors’ interactions with peers can significantly im-
pact their trust in information sources and their 
tendency to follow the crowd. Finally, regret 
aversion has a 29% variation in the self-control 
of individual investors in investment decisions. 
It suggests that investors who are more averse 
to regret may exhibit higher levels of self-
control. It asserts that understanding these 
relationships can help investors, financial 
professionals, and policymakers in develop-
ing strategies to manage biases and enhance 
decision-making effectiveness.

Conclusions
Overconfidence, representativeness, anchor-
ing, availability bias, and the gambler’s fallacy 
guide the investment decisions based on past 
incorrect experiences. Based on heuristic infor-
mation, individual investors tend to form deci-
sions which are speculative and could delay 

Dependent variables Independent variables Estimate Std. 
error C.R. R2 p

Heuristics Prospect theory 0.620 0.088 7.009 0.972 ***

Anchoring Overconfidence 0.345 0.062 5.552 0.404 ***

Overconfidence Loss aversion 0.133 0.046 2.896 0.193 0.004

Financial literacy Investment decisions 0.452 0.066 6.896 0.477 ***

Risk tolerance Investment decisions 0.167 0.050 3.339 0.190 ***

Anchoring Information trustworthy 0.147 0.043 3.402 0.202 ***

Information trustworthy Peer support 0.271 0.050 5.372 0.371 ***

Social contagion Peer support 0.288 0.066 4.365 0.292 ***

Self-control Regret aversion 0.217 0.060 3.592 0.293 ***

Note: ***Significant at 0.05 level.

Source: own

Tab. 6: Estimates of independent factors
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potential gains. Prospect theory is the domi-
nant bias among investors and is shaped and 
influenced by regret aversion, loss aversion, 
self-control and mental accounting. Investors 
often administer their own hunches and tech-
niques to purchase or sell shares rather than 
analyze the fundamental factors connected 
with the economy, industry and company. Herd-
ing effect is shaped by emotional distortions, 
social contagion and trustworthy information. 
However, emotional distortions and social 
contagion furnish enough trustful information 
to follow herding behaviour in investment deci-
sions. Self-efficacy is formed by risk tolerance, 
financial literacy and peer support in the stock 
market. Investment decisions are largely influ-
enced by the risk tolerance. Moreover, financial 
literacy transforms their behaviour concerning 
the selection of stocks, timing, and quantum 
of risk perception and return expectation. Peer 
group support guides in extreme market condi-
tions to make effective investment decisions.

Heuristics provides some pitches to stock 
trade and actively maintains a positive impact 
on behavioural biases. Herding effect and 
prospect theory have a negative impact on be-
havioural biases. It confirms that individual in-
vestors often follow heuristic biases rather than 
framing biases or herding effects in investment 
decisions. Heuristics are mostly developed in 
the intrinsic strength of individual investors; 
therefore, investors believe heuristics will be 
a better decision-making tool than prospect the-
ory or the herding effect. Investors make certain 
calculations or estimations based on their un-
derstanding of prospect theory, which is easier 
than following the herding effect in the stock 
market. Heuristics dynamically engage direct 
and positive relationships with prospect theory. 
Behavioural biases, which are the mix of heu-
ristics, prospect theory and herding effect, posi-
tively impact stock investment decisions among 
individual investors. The presence of risk 
tolerance, financial literacy, and peer support 
develop the self-efficacy of investors to make 
profitable investment decisions. SEM analysis 
portrays several independent relationships 
between financial literacy and investment deci-
sions, prospect theory and heuristics. Anchoring 
and overconfidence have significant impacts 
on decision-making among individual investors. 
Individual investors do not make rational deci-
sions since they face one or more behavioural 
biases and self-efficacy factors. In summary, 

this research sheds light on the behavioural 
factors that drive decisions on investment. 
Understanding these psychological influences 
can help investors and financial professionals 
develop strategies to mitigate biases and en-
hance decision-making effectiveness.

Limitations and contributions
The study relies on self-reported data and may 
have response bias. The cross-sectional design 
may limit the ability to establish causal relation-
ships between behavioural biases, self-efficacy 
and investment decisions. SEM allows for the si-
multaneous examination of multiple variables 
and their interrelationships, providing a more ro-
bust and sophisticated analysis. Understanding 
the role of self-efficacy and behavioural biases 
in investment decisions can lead to developing 
targeted interventions and educational pro-
grams to improve decision-making and financial 
outcomes. As a result of identifying the impact 
of self-efficacy and behavioural biases, the study 
enriches the existing literature in this field and 
contributes to a deeper under standing of inves-
tor behaviour in the stock market.

Research implications
The findings highlight the importance of in-
vestors’ education focusing on enhancing 
self-efficacy and mitigating behavioral biases. 
Educating investors on psychological factors in-
fluencing decision-making can empower them 
to make more rational and informed decisions. 
Recognizing the impact of self-efficacy and be-
havioural biases can lead to the development 
of tailored investment strategies. Financial 
advisors and experts can design personal-
ized approaches that align with individual 
investors’ risk tolerance, financial literacy, and 
peer support, optimizing their investment out-
comes. Further research can explore inves-
tor behaviour to understand decision-making 
processes. Regulators and policymakers can 
benefit from understanding how self-efficacy 
and behavioural biases impact investment de-
cisions. Investors can be encouraged to focus 
on fundamentals rather than short-term market 
fluctuations, leading to more sustainable and 
profitable investment decisions.

Acknowledgments: We sincerely acknowl-
edge the time and effort devoted by the team 
of reviewers by their useful and detailed 
 comments, helping to improve the quality of this 



1312023, volume 26, issue 4, pp.119–133, DOI: 10.15240/tul/001/2023-4-008

Finance

research work. Also appreciate respondents for 
their time and responses.

References
Aini, N. S. N., & Lutfi, L. (2019). The influ-

ence of risk perception, risk tolerance, overcon-
fidence, and loss aversion towards investment 
decision making. Journal of Economics, Busi-
ness and Accountancy Ventura, 21(3), 401–
413. https://doi.org/10.14414/jebav.v21i3.1663

Alquraan, T., Alqisie, A., & Shorafa, A. A. 
(2016). Do behavioural finance factors influ-
ence stock investment decisions of individual 
investors? (Evidence from Saudi stock market). 
American International Journal of Contempo-
rary Research, 6(3), 159–169.

Aslam, F., Ferreira, P., Ali, H., & Kauser, S. 
(2021). Herding behaviour during the CO-
VID-19 pandemic: A comparison between 
Asian and European stock markets based on 
intraday multi fractality. Eurasian Economic Re-
view, 12(2), 333–359. https://doi.org/10.1007/
s40822-021-00191-4

Baghani, M. R., & Sedaghat, P. (2016). 
Effect of risk perception and risk tolerance on 
investors’ decision making in Tehran Stock 
Exchange. International Academic Journal of 
Accounting and Financial Management, 3(9), 
45–53.

Barberis, N., & Huang, M. (2001). Mental 
accounting, loss aversion and individual stock 
returns. Journal of Finance, 56(4), 1247–1292. 
https://doi.org/10.1111/0022-1082.00367

Bekiros, S., Jlassi, M., Lucey, B., Naoui, K., 
& Uddin, G. S. (2017). Herding behavior, mar-
ket sentiment and volatility: Will the bubble 
resume? The North American Journal of Eco-
nomics and Finance, 42, 107–131. https://doi.
org/10.1016/j.najef.2017.07.005

Bikhchandani, S., & Sharma, S. (2000). 
Herd behaviour in financial markets: A review. 
IMF Staff Papers, 48, 1–33.

Bondt, W. F. M. D., & Thaler, R. H. (1995). 
Financial decision-making in markets and firms: 
A behavioral perspective. In Handbooks in ope-
rations research and management science 
(Vols. 385–410, pp. 385–410). Elsevier. https://
doi.org/10.1016/s0927-0507(05)80057-x

Botsvadze, I. (2013). Herd behaviour in 
equity markets – The international evidence. 
Journal of Business, 2(2), 41–46.

Busztyn, L., Ederer, F., Ferman, B., & Yucht-
man, N. (2014). Understanding mechanisms 
underlying peer effects: Evidence form a flied 

experiment on financial decisions. Economet-
rica, 82(4), 1278–1298. https://doi.org/10.3982/
ecta11991

Caparrelli, F., Arcangelis, A. M., & Cas-
suto, A. (2004). Herding in Italian stock market: 
A case of behavioural finance. Journal of Be-
havioral Finance, 5(4), 222–230. https://doi.org/ 
10.1207/s15427579jpfm0504_5

Chen, W. (2020). An examination of herding 
behavior in Chinese A-share market by cross-
sectional absolute deviation (CSAD). Modern 
Economy, 11(4), 785–792. https://doi.org/ 
10.4236/me.2020.114058

Cheng, P.-Y., & Chiou, W.-B. (2008). Fram-
ing effects in group investment decision making: 
Role of group polarization. Psychological Re-
ports, 102(1), 283–292. https://doi.org/10.2466/
PR0.102.1.283-292

Chin, A. L. L. (2012). Psychological biases 
and investor behaviour: Survey evidence from 
Malaysian stock market. International Journal 
on Social Science, Economics & Art, 2(2), 
74–80.

Cipriani, M., & Guarino, A. (2008). Herd 
behavior and contagion in financial markets. 
The B.E. Journal of Theoretical Economics, 
8(1), 0000102202193517041390. https://doi.org/ 
10.2202/1935-1704.1390

Douagi, B. M., Wyeme, F., & Olfa, C. 
(2013). Herding behaviour before and after 
the Tunisian revolution. International Journal 
of Multidisciplinary Sciences and Engineering, 
4(10), 79–86.

Esch, F.-R., Schmitt, B. H., Redler, J., 
& Langner, T. (2009). The brand anchoring 
effect: A judgment bias resulting from brand 
awareness and temporary accessibility. Psy-
chology and Marketing, 26(4), 383–395. https://
doi.org/10.1002/mar.20278

Farrell, L., Fry, T. R. L., & Risse, L. (2016). 
The significance of financial self-efficacy in ex-
plaining women’s personal finance behaviour. 
Journal of Economic Psychology, 54, 85–99. 
https://doi.org/10.1016/j.joep.2015.07.001

Fisher, Y. (2011). The sense of self-efficacy 
of aspiring principals: Exploration in a dy-
namic concept. Social Psychology of Educa-
tion, 14(1), 93–117. https://doi.org/10.1007/
s11218-010-9136-9

Gilliam, J., Chatterjee, S., & Grable, J. E. 
(2010). Measuring the perception of financial 
risk tolerance: A tale of two measures. Journal 
of Financial Counseling and Planning, 21(2), 
30–43.



132 2023, volume 26, issue 4, pp.119–133, DOI: 10.15240/tul/001/2023-4-008

Finance

Grable, J. E. (2000). Financial risk tolerance 
and additional factors that affect risk taking in 
everyday money matters. Journal of Business 
and Psychology, 14(4), 625–630. https://doi.org/ 
10.1023/a:1022994314982

Hoffmann, A. O. I., Post, T., & Pen-
nings, J. M. E. (2015). How investor perceptions 
drive actual trading and risk-taking behaviour. 
Journal of Behavioral Finance, 16(1), 94–103. 
https://doi.org/10.1080/15427560.2015.10003
32

Hwang, S., & Salmon, M. (2004). Market 
stress and herding. Journal of Empi rical Finan-
ce, 11(4), 585–616. https://doi.org/10.1016/ 
j.jempfin.2004.04.003

Jagongo, A., & Mutswenje, V. S. (2014). 
A survey of the factors influencing investment 
decisions: The case of individual investors 
at the NSE. International Journal of Humanities 
and Social Science, 4(4), 92–102.

Jain, R., Jain, P., & Jain, C. (2015). Be-
havioural biases in the decision making of in-
dividual investors. IUP Journal of Management 
Research, 14(3), 7–27.

Kahneman, D., & Tversky, A. (1979). Pros-
pect theory: An analysis of decision under risk. 
Econometrica, 47(2), 263–291. https://doi.org/ 
10.2307/1914185

Kanojia, S., Singh, D., & Goswami, A. 
(2022). Impact of herding on the returns in the 
Indian stock market: An empirical study. Review 
of Behavioral Finance, 14(1), 115–129. https://
doi.org/10.1108/rbf-01-2020-0017

Kengatharan, L., & Kengatharan, N. (2014). 
The influence of behavioural factors in making 
investment decisions and performance: Study 
on investors of Colombo Stock Exchange, Sri 
Lanka. Asian Journal of Finance and Account-
ing, 6(1), 1–23. https://doi.org/10.5296/ajfa.
v6i1.4893

Kim, K. A., & Nofsinger, J. R. (2008). Be-
havioral finance in Asia. Pacific-Basin Finance 
Journal, 16(1–2), 1–7. https://doi.org/10.1016/j.
pacfin.2007.04.001

Kourtidis, D., Sevic, Z., & Chatzoglou, P. 
(2010). Investors’ trading activity: A behavioural 
perspective. International Journal of Trade 
and Global Markets, 3(1), 52–67. https://doi.
org/10.1504/ijtgm.2010.030408

Kumar, A. (2009). Who gambles in the stock 
market? The Journal of Finance, 64(4), 1889–1933. 
https://doi.org/10.1111/j.1540-6261.2009.01483.x

Kumar, S., & Goyal, N. (2015). Behav-
ioural biases in investment decision making 

– A systematic literature review. Qualitative 
Research in Financial Markets, 7(1), 88–108. 
https://doi.org/10.1108/qrfm-07-2014-0022

Livanas, J. (2011). Are investors rational and 
does it matter? Determining the expected utility 
function for a group of investors. Journal of Be-
havioral Finance, 12(2), 53–67. https://doi.org/ 
10.1080/15427560.2011.553003

Lo, A. W. (2005). Reconciling efficient 
markets with behavioural finance: The adap-
tive markets hypothesis. Journal of Investment 
Consulting, 7(2), 21–44.

Lown, J. M. (2011). Development and valida-
tion of a financial self-efficacy scale. Journal of 
Financial Counseling and Planning, 22(2), 54–63.

Mak, M. K. Y., & Ip, W. H. (2017). An ex-
ploratory study of investment behaviour of 
investors. International Journal of Engineering 
Business Management, 9(1), 1–12. https://doi.
org/10.1177/1847979017711520

Mand, A. A., Janor, H., Rahim, R. A., & Sar-
midi, T. (2018). Determinants of herding behavior 
in Malaysian stock market. International Journal 
of Economics and Research, 9(1), 62–73.

Mindra, R., & Moya, M. (2017). Financial 
self-efficacy: A mediator in advancing financial 
inclusion. Equality, Diversity and Inclusion: 
An International Journal, 36(2), 128–149. 
https://doi.org/10.1108/edi-05-2016-0040

Nareswari, N., Balqista, A. S., & Ne-
goro, N. P. (2021). The impact of behavioural 
aspects on investment decision making. Jurnal 
Manajemen Dan Keuangan, 10(1), 15–27. 
https://doi.org/10.33059/jmk.v10i1.3125

Onsomu, Z. (2014). The impact of behav-
ioural biases on investor decisions in Kenya: Male 
vs. female. International Journal of Research in 
Humanities, Arts and Literature, 2(6), 87–92.

Ouarda, M., Bouri, A. E., & Bernard, O. 
(2012). Herding behaviour under markets 
condition: Empirical evidence on the European 
financial markets. International Journal of Eco-
nomics and Financial Issues, 3(1), 214–228.

Pompian, M. M. (2016). Risk profiling 
through a behavioural finance lens. CFA Insti-
tute Research Foundation.

Prawirasasra, K. P. (2016). Behavioural fi-
nance in investment decision-making process. 
International Journal of Management and Ap-
plied Science, 2(7), 27–29.

Rahayu, A. D., Putra, A., Oktaverina, C., 
& Ningtyas, R. A. (2020). Herding behaviour in 
the stock market: A literature review. Interna-
tional Journal of Social Sciences, 1(2), 8–24.



1332023, volume 26, issue 4, pp.119–133, DOI: 10.15240/tul/001/2023-4-008

Finance

Raza, M. Y., Latif, K., Sultan, T., Bashir, M., 
Khan, M. I., & Ahmed, M. (2015). The impact of 
individual investor’s perceptions on perceived 
self-efficacy while trading internationally. Global 
Journal of Management and Business Re-
search, 15(4), 25–27.

Ritter, J. R. (2003). Behavioral finance. 
Pacific-Basin Finance Journal, 11(4), 429–437. 
https://doi.org/10.1016/s0927-538x(03)00048-9

Rothwell, D. W., Khan, M. N., & Cher-
ney, K. (2016). Building financial knowledge 
is not enough: Financial self-efficacy as a me-
diator in the financial capability of low-income 
families. Journal of Community Practice, 24(4), 
368–388. https://doi.org/10.1080/10705422.20
16.1233162

Setiawan, Y. C., Atahau, A. D. R., & Ro-
biyanto, R. (2018). Cognitive dissonance bias, 
overconfidence bias. Dan herding bias dalam 
pengambilan keputusan investasi saham. AFRE 
Accounting and Financial Review, 1(1), 17–25. 

Shantha, K. V. A. (2018). Shifts in herd 
mentality of investors in uncertain market condi-
tions: New evidence in the context of a frontier 
stock market. Journal of Economics and Behav-
ioral Studies, 10(3), 203–219. https://doi.org/ 
10.22610/jebs.v10i3.2328

Singh, S. (2012). Investor irrationality and 
self-defeating behaviour: Insights from behav-
ioural finance. Journal of Global Business Man-
agement, 8(1), 116–122.

Tan, L., Chiang, T. C., Mason, J. R., & Nel-
ling, E. (2008). Herding behavior in Chinese stock 
markets: An examination of A and B shares. 
Pacific-Basin Finance Journal, 16(1–2), 61–77. 
https://doi.org/10.1016/j.pacfin.2007.04.004

Tang, S., Huang, S., Zhu, J., Huang, R., 
Tang, Z., & Hu, J. (2019). Financial self-efficacy 
and disposition effect in investors: The mediat-
ing role of versatile cognitive style. Frontiers 
in Psychology, 9(2705), 1–6. https://doi.org/ 
10.3389/fpsyg.2018.02705

Tversky, A., & Kahneman, D. (1974). Judg-
ment under uncertainty: Heuristics and biases. 
Science, 185(4157), 1124–1131. https://doi.org/ 
10.1126/science.185.4157.1124

Waweru, N. M., Munyoki, E., & Uliana, E. 
(2008). The effects of behavioural factors in 
investment decision-making: A survey of insti-
tutional investors operating at the Nairobi Stock 
Exchange. International Journal of Business and 
Emerging Markets, 1(1), 24–41. https://doi.org/ 
10.1504/IJBEM.2008.019243

Xia, T., Wang, Z., & Li, K. (2014). Financial 
literacy overconfidence and stock market par-
ticipation. Social Indicators Research, 119(3), 
1233–1245. https://doi.org/10.1007/s11205- 
013-0555-9

Zeelenberg, M., & Pieters, R. (2007). A the-
ory of regret regulation 1.0. Journal of Con-
sumer Psychology, 17(1), 3–18. https://doi.org/ 
10.1207/s15327663jcp1701_3


